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Agglomeration economies – positive externalities that stem from the geographic co-

location of firms – are a potential source of competitive advantage (e.g., Porter, 1998). Thus it is 

not surprising the interest in agglomeration economies has increased recently in both the 

economics and strategy literatures. Economics has focused on the supply side of agglomeration 

economies – studying how different types of agglomeration economies impact the geographic 

distribution of economic activity. For example, Glaeser and Kerr (2009) examine where 

manufacturing start-ups are born, showing that pools of skilled labor have greater positive effects 

than pools of specialized suppliers. Strategy has focused on the demand side of agglomeration 

economies, studying what types of firms co-locate. For example, Shaver and Flyer (2000) show 

that larger firms co-locate less frequently than smaller firms, due to concerns over aiding 

competitors. Note that each literature's inherent focus leads it to ignore the other – considering 

supply side heterogeneity without acknowledging demand side heterogeneity and vice versa. As 

a result, our understanding of the relationship between location strategies and agglomeration 

economies is incomplete. 

We examine both supply and demand sides of agglomeration economies to address the 

question: where should firms locate to increase appropriation from agglomeration economies? 

Combining the two perspectives results in several conceptual gaps that we address using three 

basic concepts – localization, concentration, and market efficiency. We apply the first concept – 

localization – to the supply side. This leads to the new question of whether firms can appropriate 

the different types of agglomeration economies from afar, without co-locating. We apply the 

second concept – concentration – to the supply side. This leads to the new question of whether 

factor pools controlled by fewer firms reduce newcomer firms' appropriation and, thereby, firms' 

incentive to co-locate. We apply the final concept – market efficiency – to the supply side. This 

leads to the new question of whether competitor appropriation risk is curbed for those factors 

where the market for transfer is less efficient, which allows firms to co-locate with less worry of 

aiding competitors. 

To test our expectations, we examine the location choices of first-time foreign entrants to 

the U.S. We adopt the best methodological practices from economics to isolate agglomeration 

economies from a multitude of other covariates that also encourage firms to co-locate. 

 

Firm asymmetry for agglomeration economies 

Marshall (1920) suggested that co-located firms experience reduced production costs due 

to pools of skilled labor, specialized suppliers, and knowledge inflows from competitors. 

                                                           
1
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Agglomeration economies may also provide revenue-enhancing opportunities, especially access 

to knowledge spillovers. However, for consistency with the traditional agglomeration literature 

in economics, we develop our arguments based on cost reduction mechanisms. Firms that benefit 

from agglomeration economies – a source of reduced costs – will, therefore, have an advantage 

over competitors. We argue that the extent to which firms locate to appropriate agglomeration 

economies will depend on three traits of factor supplies: localization, concentration, and market 

efficiency. 

Localization of factor supply: does appropriation require co-location? 

On the supply side, Glaeser and Kerr (2009) showed a differential effect of Marshall's 

agglomeration economies on the formation of start-ups in manufacturing: factor pools of skilled 

labor have the greatest positive effect, followed by input suppliers and, rather surprisingly, 

knowledge flows have a non-robust negative effect. Our interest is in whether firms act 

strategically to appropriate these differential effects. In contrast to co-located start-ups, which are 

automatically showered by their home location's agglomeration economies, ongoing firms face 

the choice of where to co-locate to enjoy agglomeration economies in other locations. 

Similarly, stemming prominently from Jaffe, Trajtenberg, and Henderson (1993); there is 

a growing recognition that knowledge is somewhat localized because it has tacit components. 

Overall, to increase appropriation of agglomeration economies, firms will locate among 

factor pools whose increasing returns are more geographically bounded. Because worker 

commuting patterns and R&D spillovers are more geographically bounded than the flow of 

commodities, benefits from pools of skilled labor and knowledge spillovers will be more 

localized than benefits from specialized suppliers. As a result, we expect that firms will be more 

likely to co-locate with rich pools of skilled labor and potential knowledge spillovers than with 

pools of specialized suppliers. 

Concentration of factor supply: does factor concentration hinder appropriability? 

Chinitz (1961) identifies another dimension of supply side heterogeneity: the presence of 

numerous, small suppliers that fuel an industry's vibrancy. We extend Chinitz's idea of industry 

structure – an oligopoly versus competitive market – affecting agglomeration economies beyond 

supplier factor pools to labor and knowledge factor pools. 

Locations with more oligopolistic factor pools reduce the ability of newcomer firms to 

appropriate agglomeration economies for two reasons. First, even when factor pools are the same 

size, the factor inputs that incumbent firms utilize may be more or less firm specific. 

Second, factors don't always flow easily among firms. Factors may move between firms 

as they hire and fire employees, engage and release suppliers, and otherwise interact with their 

neighbors. Factor movement creates opportunities for co-located firms to leverage those factors 

for competitive advantage. It follows, then, that when a location is dominated by a smaller 

number of firms, there will be fewer opportunities for factors to be exchanged and fewer 

opportunities for newcomer firms to benefit from their neighbors. 

For these two reasons, firms will favor locations whose factor pools are not dominated by 

few firms. 

Efficiency of factor markets: does market efficiency impact appropriation risk? 

In the strategy literature, Shaver and Flyer (2000) suggested that firms not only benefit 

from agglomeration economies, but also contribute to them. Because firms are heterogeneous, 
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they differ in their net benefits from agglomerating. In some cases, a firm's net benefits could be 

negative, causing it to not co-locate. 

Note that this research focuses on heterogeneity in the demand side of agglomeration 

economies – firm heterogeneity – without acknowledging supply side heterogeneity – types of 

agglomeration economies. To combine demand and supply sides, we need to introduce logic for 

why each type of agglomeration economy brings different competitor appropriation risk: 

variation in each factor market's efficiency. 

Accessing factor pools of labor, suppliers, and knowledge requires exchanges through the 

marketplace (skilled labor, for example, has to be obtained through the local labor market). If the 

market is imperfect, the factor becomes difficult to access, limiting its appropriability. A firm 

that contributes factors that other firms cannot readily access through the marketplace does not 

risk its competitive advantage; it can embrace the benefits of agglomeration without shouldering 

the costs of aiding proximate competitors. 

We expect labor to be the most appropriable factor input because labor markets are 

relatively efficient. Labor markets are easy to penetrate because they are thick with information. 

Professions, job categories, and duties are fairly well defined, and prices (wages) are readily set 

by supply and demand in the marketplace. The market is so well defined that the Bureau of 

Labor Statistics maintains the ‘Standard Occupation Classification,’ system with 

820 classifications covering all possible professions. Additionally, labor quality is somewhat 

observable from education, training, and relevant experience. The labor market's transparency 

makes it easy for newcomer firms to access. Therefore, contributions that firms make to enlarge 

and deepen local labor pools should be appropriable by neighboring firms. 

We expect knowledge spillovers would be the hardest to access through markets, and the 

least appropriable, because knowledge is tacit. Identifying the potential value added from a piece 

of knowledge requires substantial interaction between firms, which is hard to do at arm's length. 

Transfer is likely to be even more problematic, since it may require repeated interaction with an 

unwilling donor firm. Prices are nonexistent with unwilling donors, suggesting that a formal 

market does not exist. As a result, the appropriability of knowledge outflows to neighboring 

firms should vary considerably; some knowledge is readily gleaned by all and much is more 

opaque. 

Finally, we expect the appropriability of specialized suppliers to be somewhere in 

between. While some supplier services are tightly specified and require only a one-time 

transaction (purchasing a commodity, for example), other services are more involved and 

difficult to specify ex ante, such as when a supplier provides services over time for an ongoing 

project. Also, services supplied to one firm might not be suitable for another firm due to 

differences in business processes and routines. A lack of standardization makes pricing 

idiosyncratic, suggesting an imperfect market. As a result, the appropriability of one firm's 

contributions to the factor pool of specialized suppliers will be less appropriable by neighboring 

firms. 

Applied to location choice, firms that contribute more to agglomeration economies will 

avoid factor pools where competitors can easily appropriate increasing returns (e.g., factor pools 

of skilled labor), but not when appropriability is difficult (e.g., specialized suppliers or 

knowledge). The greater contributors to pools of skilled labor and specialized suppliers will be 
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larger firms (Shaver & Flyer, 2000), while the greater contributors to knowledge pools will be 

firms with greater technical capabilities (Alcácer & Chung, 2007). 

 

EMPIRICAL DESIGN 

Sample and method 

Conceptually, agglomeration economies decrease costs or increase productivity among 

geographically proximate firms. In an ideal empirical setting, researchers would use a firm 

performance variable and model its spatial variation on some measurement of agglomeration 

economies across locations and industries. Unfortunately, this approach requires detailed data at 

the establishment level that is rarely available across industries and locations. Facing this data 

constraint, researchers have generally followed two approaches. Studies in economics have used 

aggregated or averaged indicators of economic activity – such as labor productivity, wages, 

employment, and entrant and incumbent counts – by location (see Hanson, 2001, for a review of 

this literature). Studies in strategy have used firm-specific entry data – disaggregated location 

entries, mostly by foreign firms – as an indirect indicator of firm performance. We follow the 

second approach because we are interested in how firms locate strategically to appropriate 

agglomeration economies. 

We use location decisions for first-time foreign entrants in the continental U.S. in 

manufacturing during the years 1985 to 1994. To determine first-time entrant status, we 

reviewed inward investment data back to 1975. We excluded transactions where a firm invested 

in the same industry as prior transactions, but included transactions when a firm invested in a 

different four-digit industry from all prior investments. Our sample of firms is drawn from 

Foreign Direct Investment in the United States: Annual Transactions, published by the 

International Trade Administration (ITA). We match firms making these transactions to their 

accounting information from Worldscope. Restricting ourselves to first-time, greenfield entries 

by firms with publicly available accounting information yields a sample of 657 investment 

transactions. To observe firms making the least constrained location choices, we follow Head, 

Ries, and Swenson (1995), Shaver and Flyer (2000), and Alcácer and Chung (2007) and exclude 

firms that entered through acquisitions. 

Our geographic unit of analysis is economic areas as defined by the Bureau of Economic 

Analysis (BEA) in 1995. Each economic area consists of at least one node (a metropolitan or 

densely populated area that serves as the center of economic activity) and the surrounding 

counties that are economically related to the node(s) through commuting patterns. Because 

economic areas capture the boundaries of labor pools as described by commuting patterns 

between work and home, they provide the relevant geographic contours of factor pools 

associated with skilled labor, specialized suppliers, and knowledge. 

We model the location choice process, in which firms choose one of L locations, with a 

conditional logit model as described by McFadden (1974) that has been used extensively in the 

agglomeration literature (Head et al., 1995). Specifically, we estimate the following equation: 
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where (a)  is the agglomeration level for industry i in location l (measured as same-

industry employment); (b)  captures supply side agglomerations associated with skilled labor, 

specialized suppliers, and knowledge flows for industry i in location l; (c)  captures demand-

side agglomeration economies for industry i in location l; (d)  captures natural cost 

advantages in location l that may also drive agglomeration; and (e) Hilt is a set of Herfindahl 

indices for factor pools underlying each agglomeration economy. Note that all variables vary by 

year-industry-location with the exception of , which varies by location but is time invariant. 

 

VARIABLES 

Independent variables 

Agglomeration levels ( ) and agglomeration economies ( ) 

In most empirical settings, agglomeration economies cannot be measured, leaving 

researchers to infer their existence indirectly, which may lead to misidentification. One common 

pitfall is to assume that observed agglomeration level  – geographic concentration of same-

industry activity i in location l – indicates that agglomeration economies are present in location l. 

The problem with this interpretation is that coefficient β1 encompasses two effects: one 

associated with scale – the level of the agglomeration – and another associated with 

agglomeration economies. A location with high levels of agglomeration may fall short of 

producing agglomeration economies if, for example, too many firms compete for the same 

factors, if factors are too firm specific to advantage others, or if the pool of factors is not what 

competitors need. The agglomeration literature in economics has approached the identification 

problem by separating the prevailing level of agglomeration from agglomeration economies with 

orthogonal measures, which would capture the performance boost attributable to specialized 

inputs (supply-side agglomeration economies) and buyers (demand-side agglomeration 

economies) in a particular industry. 

We measure agglomeration levels ( ) as the logarithm of same-industry employment 

per year-economic area. For those rare industry-year-economic area observations where 

employment was equal to 0, we added 1. Our employment data comes from the County Business 

Patterns (CBP) report by the U.S. Census Bureau. We aggregate employment per industry-year 

at the county level to the economic-area level using the definition of economic areas provided by 

the BEA. 

To isolate the supply side-agglomeration economies (access to skilled labor, specialized 

suppliers, and knowledge flows), we build on Glaeser and Kerr (2009), who suggested three 

indices that are orthogonal to agglomeration levels. These indices measure the match between 

the factors firms need and the factor pools that locations provide. 

Labor_fitli, our proxy for agglomeration economies associated with access to skilled 

labor, compares the occupational requirements for industry i to the available work force in those 

occupations in a given location l at time t, and it is defined as: 
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where o indexes occupations, Lio is the percentage of industry i's employment in 

occupation o, Eklt is the employment of industry k in location l at time t, and Elt is the total 

employment (across industries) for location l at time t. Occupational data came from the 1987 

National Industry-Occupation Employment Matrix (NIOEM) published by the Bureau of Labor 

Statistics (BLS) and employment data from the CBP. 

Suppliers_fitilt measures the agglomeration economies associated with specialized inputs. 

It is defined as: 

 

 
 

where inputi ← k is the share of industry i's inputs that come from industry k, I
i
 is the 

number of inputs required by industry i, Eklt is the employment of industry k in location l at time 

t, and Elt is the total employment (across-industries) for location l at time t. Employment data 

also came from CBP. The input requirement data came from the Benchmark Input–output 

Accounts of the U.S. for 1992 from the U.S. Department of Commerce. 

Knowledge_fitilt captures the agglomeration economies associated with knowledge flows 

and it is defined as: 

 

 
 

where citationsi ← k is the share of backward citations that patents in industry I make to 

industry k, Pklt is the stock of patents generated by firms in industry k in location l at time t, and 

Plt the total patent stock (across-industries) for location l at time t. We use patent data from the 

Micropatent data set to calculate patent stocks and patent citations patterns by industry, 

economic area, source, and year. 

These variables range from − 2 (i.e., the location does not provide the type of factors a 

firm requires) to 0 (i.e., all the factors are available in exactly the same proportions a firm 

requires). Note that our variables are variations of those used in Glaeser and Kerr (2009). 

Glaeser and Kerr's measures utilize all industries and occupations present in a location, whether 

or not they provide inputs for the focal firm's industry. In contrast, we construct our measures 

using only those industries and occupational areas that are utilized by the focal firm's industry. 
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Natural cost advantages ( ) 

Following Head et al. (1995), we use alternative specific constants (ASCs) (dummy 

variables per economic area) to capture time-invariant attributes that may attract entrants. 

Examples of time invariant attributes captured by ASCs would be land area, population density, 

right-to-work laws, tax rates, and natural advantages such as a coastal location. 

Demand-side agglomeration economies ( ) 

Firms may also co-locate due to demand-side agglomeration economies. Proximity to 

customers may reduce transportation costs and, thereby, increase productivity. To control for 

demand-side agglomeration, we define the variable Buyers_ fitilt as follows: 

 

 
 

where outputi → k is the share of industry i's outputs that go to industry k; Eklt is the 

employment of industry k in location l at time t, Ekt is total employment for industry k across 

locations, Elt is total employment in location l at time t, and Et is total employment across 

location and industries (national employment) at time t. 

Concentration variables (Hilt) 

To reflect the concentration of a location's factor pools in fewer firms, we construct a 

basic Herfindahl-Hirschman index for an industry's same-industry employment ) 

and weighted indices for occupation needs , supplier-industry employment , 

and patent citations by economic area-year .  is a control variable for 

the concentration of a location's overall activity; the other three concentration indices are focal 

measures. Herfindahl indices are set to 0 for economic areas with zero industry employment 

share or zero patent share. 

Table 1, 2 summarizes the sources and nature of our variables and provides summary 

statistics. 
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Table 1. Descriptive statistics 

Descriptive statistics of economic areas characteristics (1985–1994 for 145 economic areas)* 

  Variable Source   N** Mean 
Std. 

Dev. 
Min Max 

Correlations 

  
                

Location-specific 

variables 

entry Annual FDI 

Transactions 

(ITA) 

binary 72,790 0.01 0.08 0.00 1.00 1                   

  log_employment County Business 

Patterns (BEA) 

count 72,790 3.45 2.76 0.00 11.47 0.10 1                 

  buyers_fit County Business 

Patterns (BEA) 

percentage 72,790 0.87 1.00 0.00 31.57 0.06 0.27 1               

  labor_fit Nat'l Industry-

Occupation 

Matrix 

percentage 72,790 −0.69 0.11 −1.08 −0.32 0.03 0.13 0.15 1             

  suppliers_fit County Business 

Patterns (BEA) 

percentage 72,790 −1.33 0.32 −2.00 −0.17 0.05 0.37 0.18 0.23 1           

  knowledge_fit Micropatent percentage 72,790 −1.64 0.15 −1.99 −0.74 0.05 0.25 0.15 0.07 0.06 1         

  herfindahl_empl

oyment 

County Business 

Patterns (BEA) 

herfindahl 72,790 0.39 0.36 0.00 1.00 −0.02 0.27 0.04 0.03 0.08 −0.02 1       

  herfindahl_labor Nat'l Industry-

Occupation 

Matrix 

herfindahl 72,790 0.00 0.00 0.00 0.03 −0.06 −0.30 0.04 0.32 0.00 −0.28 0.05 1     

  herfindahl_suppl

iers 

County Business 

Patterns (BEA) 

herfindahl 72,790 0.36 0.19 0.00 1.00 −0.03 0.00 0.01 0.06 0.13 0.06 0.11 0.05 1   

  herfindahl_know

ledge 

Micropatent herfindahl 72,790 0.26 0.30 0.00 0.99 0.01 0.20 0.09 0.10 0.10 0.31 0.05 −0.16 0.08 1 
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Table 2. 

Descriptive statistics for foreign investment transactions (1985–1994) 

  Variable Source   N Mean Std. Dev. Min Max 

Firm-

specific 

variables 

Economicall

y large 

Worldscope, 

Compustat 

dummy 657 0.732 0.443 0 1 

R&D leader Worldscope, 

Compustat 

dummy 657 0.460 0.499 0 1 

 

RESULTS 

Table 3 assesses how localization of factor supply and factor pool concentration affect 

location choices. The first column is a benchmark specification of control variables. The 

subsequent columns introduce each independent variable separately. 
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Table 3. Attractiveness of locations' factor input pools 

Conditional logit models of locations' attributes affecting likelihood of being chosen 

  Baseline Agglomeration economies/factor pools Concentration of factor pools 

Dependent variable: 

entry in one economic area 
(1) (2) (3) (4) (5) (6) (7) (8) 

Econ. area dummies includedc includedc includedc includedc includedc includedc includedc includedc 

log_employment 0.4190c 0.3737c 0.3501c 0.3356c 0.3515c 0.3519c 0.3505c 0.3508c 

  (0.031) (0.032) (0.033) (0.033) (0.033) (0.033) (0.033) (0.033) 

  [1.520] [1.453] [1.419] [1.399] [1.421] [1.422] [1.420] [1.420] 

buyers_fit 0.1320c 0.0878c 0.0869c 0.0797c 0.0686b 0.0683b 0.0687b 0.0676b 

  (0.027) (0.028) (0.028) (0.029) (0.030) (0.030) (0.030) (0.030) 

  [1.141] [1.092] [1.091] [1.083] [1.071] [1.071] [1.071] [1.070] 

labor_fit   3.9646c 3.4101c 2.8844c 2.5652c 2.6370c 2.4581c 2.4763c 

    (0.828) (0.857) (0.875) (0.880) (0.895) (0.901) (0.900) 

    [52.699] [30.268] [17.893] [13.003] [13.971] [11.683] [11.897] 

suppliers_fit     0.5582b 0.4933b 0.4482b 0.4462b 0.4210a 0.4352a 

      (0.222) (0.223) (0.225) (0.225) (0.225) (0.225) 

      [1.748] [1.638] [1.565] [1.562] [1.523] [1.545] 

knowledge_fit       1.9400c 1.8356c 1.8645c 1.8822c 1.9118c 

        (0.578) (0.580) (0.583) (0.584) (0.586) 

        [6.959] [6.269] [6.453] [6.568] [6.765] 

herfindahl_employment         −0.6189c −0.6129c −0.5955c −0.5847c 

          (0.191) (0.191) (0.191) (0.191) 

          [0.539] [0.542] [0.551] [0.557] 

herfindahl_labor           −23.8391 −17.6177 −14.8972 

            (51.849) (51.912) (51.739) 
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            [0.000] [0.000] [0.000] 

Table 3. continued 

 

Conditional logit models of locations' attributes affecting likelihood of being chosen 

 Baseline Agglomeration economies/factor pools Concentration of factor pools 

Dependent variable: 

entry in one economic area 
(1) (2) (3) (4) (5) (6) (7) (8) 

herfindahl_suppliers             −0.5790a −0.5755a 

              (0.347) (0.348) 

              [0.560] [0.562] 

herfindahl_knowledge               −0.2774a 

                (0.170) 

                [0.758] 

Observations 95265 95265 95265 95265 95265 95265 95265 95265 

no. of investments 657 657 657 657 657 657 657 657 

no. of alternative choices 145 145 145 145 145 145 145 145 

Log likelihood −2414.46 −2402.73 −2399.60 −2394.10 −2388.68 −2388.57 −2387.16 −2385.8 

Improvement in model fit test         

comparing  vs (1) vs (2) vs (3) vs (4) vs (5) vs (6) vs (7) 

change in Log likelihood 11.54 11.73 3.12 5.50 5.42 0.11 1.41 1.36 

additional d.o.f.  1 1 1 1 1 1 1 

Chi-square test of Δ LogL  0.000c 0.012b 0.001c 0.001c 0.644 0.093a 0.099a 

Pseudo R-squared 0.262 0.265 0.266 0.268 0.270 0.270 0.270 0.2703 
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Focusing on the measures for potential agglomeration economies, across all models, we 

see that the three variables, labor_fit, suppliers_fit and knowledge_fit were consistently positive 

and significant. The incremental change in log likelihood in Columns 2 through 4 indicate that 

including measures of each agglomeration economy significantly improve overall model fit (the 

log likelihood increasing by 11.73, 3.12, and 5.50, respectively). The odd ratios in Column 4 

indicate that a standard deviation increase in labor, suppliers, and knowledge would make an 

economic area 1.96, 0.52, and 1.04 times more attractive. 

We turn next to the effect of factor market efficiency on appropriation risk. Table 4 splits 

the sample along the two key dimensions of firm heterogeneity: firm economic size and firm 

R&D intensity. Column 1 is again the baseline model of all firms – identical to that shown in 

Table 3, Column 8. Columns 2 and 3 present the results for the split by firm economic size, 

while Columns 4 and 5 present the results for the split by firm R&D intensity. 

Table 4. 

Strategic response to locations' factor input pools 

Conditional logit models of locations' attributes affecting likelihood of being chosen 

  

  

Dependent variable: 

entry in one economic 

area 

Baseline 
Sample split by firm 

economic size 

Sample split by firm R & D 

intensity 

all firms 
large 

firms 
small firms leaders laggards 

(1) (2) (3) (4) (5) 

Econ. Area dummies includedc includedc includedc includedc includedc 

log_employment 0.3508c 0.3678c 0.3144c 0.3490c 0.3557c 

  (0.033) (0.040) (0.062) (0.048) (0.046) 

  [1.420] [1.445] [1.369] [1.418] [1.427] 

buyers_fit 0.0676b 0.0943b 0.0349 0.0346 0.0720b 

  (0.030) (0.037) (0.055) (0.062) (0.034) 

  [1.070] [1.099] [1.036] [1.035] [1.075] 

labor_fit 2.4763c 1.6631 4.4716b 1.3910 3.0437b 

  (0.900) (1.047) (1.854) (1.400) (1.193) 

  [11.897] [5.276] [87.497] [4.019] [20.983] 

suppliers_fit 0.4352a 0.2861 0.9333b 0.2186 0.7675b 

  (0.225) (0.262) (0.459) (0.341) (0.305) 

  [1.545] [1.331] [2.543] [1.244] [2.154] 

knowledge_fit 1.9118c 1.7581b 2.5053b 3.1324c 1.1447 

  (0.586) (0.696) (1.118) (0.860) (0.805) 

  [6.765] [5.801] [12.247] [22.929] [3.141] 

herfindahl_employment −0.5847c −0.6129c −0.4617 −0.9909c −0.2599 

  (0.191) (0.225) (0.362) (0.291) (0.254) 

  [0.557] [0.542] [0.630] [0.371] [0.771] 

herfindahl_labor −14.8972 −32.9272 2.9560 −84.2076 28.4628 

  (51.739) (64.976) (90.934) (84.831) (67.049) 

  [0.000] [0.000] [19.221] [0.000] [0.000] 
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Table 4. continued 

Conditional logit models of locations' attributes affecting likelihood of being chosen 

 

 

Dependent variable: 

entry in one economic 

area 

Baseline 
Sample split by firm 

economic size 

Sample split by firm R & D 

intensity 

all firms 
large 

firms 
small firms leaders laggards 

(1) (2) (3) (4) (5) 

herfindahl_suppliers −0.5755a −0.7136a −0.2000 −0.1995 −0.9328b 

  (0.348) (0.414) (0.652) (0.523) (0.470) 

  [0.562] [0.490] [0.819] [0.819] [0.393] 

herfindahl_knowledge −0.2774a −0.3099 −0.1965 −0.0978 −0.4201a 

  (0.170) (0.199) (0.332) (0.247) (0.236) 

  [0.758] [0.734] [0.822] [0.907] [0.657] 

Observations 95265 69745 25520 43790 51475 

no. of investments 657 481 176 302 355 

no. of alternative choices 145 145 145 145 145 

Log likelihood −2385.8 −1727.39 −601.96 −1067.56 −1239.88 

Pseudo R-squared 0.2703 0.278 0.313 0.290 0.298 

 

The coefficient estimates for labor_fit in columns 2 and 3 are distinct: both positive, but 

only significant for the small firms group. The odds ratio for small firms (87.5) suggests that 

smaller firms were roughly eight times more attracted to locations with skilled labor than all 

firms (odds ratio of 11.9 in Column 1). 

Looking at suppliers_fit in Columns 2 and 3, the coefficient estimates for large and small 

firms are also starkly different: positive and significant for small firms, but positive and 

nonsignificant for large firms. 

The coefficient estimates for knowledge_fit in Columns 4 and 5 are starkly different: 

positive and significant for technological leaders, but positive and nonsignificant for 

technological laggards. 

 

CONCLUSIONS 

Locations rich with similar economic activity expose firms to pools of skilled labor, 

specialized suppliers, and potential interfirm knowledge spillovers. These factor pools might 

generate agglomeration economies (performance benefits experienced by co-located firms that 

exceed the value of the inputs consumed), which give firms an opportunity for competitive 

advantage. Given that each location will feature different combinations of agglomeration 

economies stemming from pools of labor, suppliers, and knowledge, a key strategy question is: 

where should firms locate to increase their appropriation from agglomeration economies? 

We leverage recent advances in economics and strategy that illuminate this location 

question from the supply and demand sides, respectively. In combining these two perspectives, 

we encounter several gaps in how the integrated supply and demand perspective affects location 

choices. We draw on three basic concepts – localization, concentration, and market efficiency – 

to address these gaps, which results in novel questions about where firms locate for 
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agglomeration economies. The first concept suggests that firms will locate close to factor pools 

for which appropriation is more geographically bounded. The second concept argues that firms 

will avoid pools dominated by only a few firms since such firm-specific factor pools will be less 

useful to newcomers. The final concept argues that factor market efficiency heightens 

appropriation risk. 

Among first-time foreign entrants to the U.S. making greenfield investment location 

decisions from 1985 to 1994, we find empirical results consistent with the first concept and 

somewhat consistent with the second and third concepts. We show that agglomeration economies 

of skilled labor and potential knowledge spillovers were several times more attractive than 

specialized suppliers – consistent with labor and knowledge being less footloose than 

intermediate goods. Further, we find evidence that locations in which suppliers and knowledge 

were concentrated in fewer firms are substantially less attractive than locations where these 

factors were more dispersed. Locations where factor pools are more incumbent specific are less 

accessible to newcomers and, therefore, less appealing. Finally, we find that economically larger 

firms are less attracted to skilled labor and specialized suppliers, while R&D-intense firms are 

more attracted to sources of potential knowledge spillovers. These findings suggest that firms 

avoid locations where competitors can also easily appropriate agglomeration economies, 

especially those firms that contribute more to them. 

By combining the supply and demand side and adding localization, concentration, and 

market efficiency, we enrich our understanding of firms' varied responses to agglomeration 

economies. In the strategy literature, we refine and deepen the insights provided by Shaver and 

Flyer (2000), who examined agglomeration economies collectively, and by Alcácer and Chung 

(2007), who focused on one type of agglomeration economy: knowledge spillovers. 

 

 

Вопросы для размышления 

1. Изучению каких основных проблем посвящена статья и какова роль настоящего 

исследования? Имеет ли данная статья практическую значимость? 

2. Насколько корректна приведенная методология исследования, каковы границы ее 

применимости в изучении данной проблемы? 

3. Согласны ли вы с выводами и объяснением полученных результатов? Поясните, 

почему. 

4. Являются ли, на ваш взгляд, представленные авторами статьи выводы, 

исчерпывающими? Обоснуйте свой ответ. Можно ли еще что-то добавить, в т.ч. исходя из 

результатов известных вам исследований, не упомянутых в статье? 

5. Насколько актуальна представленная в статье проблема для России? Какие 

гипотезы можно сформулировать в этой связи? 
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